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topological features of an object.

/’\ neural-network based classifier. This also demonstrates the real time identification

capability of our system, as the left scatter plot depicts all collected data points at

frame 111, at which point target 3 has not yet entered the frame, while the right scatter

In his recent works, Dr. Schrader has used TDA methodologies to

Trains obj1 0bj2 plot depicts collected data points at frame 641. In short, this project demonstrated the

construct a “topological fingerprint” (TF) from an array of topological on

operational viability of topological data analysis (TDA) for real-time target identification

\_,,/ and integrated these methodologies into a user-friendly system.
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